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from sklearn.preprocessing import
StandardScaler
scaler = StandardScaler()
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X_scaled = scaler.fit_transform(X)
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from sklearn.model_selection import
train_test_split
X_train, X_test, y_train, y_test =
train_test_split(

X, y, test_size=0.2,
random_state=42
)
22} 7S (Cross-Validation):
from sklearn.model_selection import
cross_val_score
#5-4 W AZCE RHo CHHMS
LCt.
scores = cross_val_score(model, X, v,
cv=5)
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from sklearn.metrics import
accuracy_score, classification_report

y_pred = model.predict(X_test)
print(f"&d&=: {accuracy_score(y_test,

y_pred)}")
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print(classification_report(y_test,
y_pred))

sto| Htatn|Ef {3}

- 18| Mx] (Grid Search): 273t & 23HS 2
S VL CEEBEEEEEE SN,

from sklearn.model_selection import
GridSearchCV

param_grid = {'n_estimators': [100,
200], 'max_depth': [3, 51}

grid_search = GridSearchCV(model,
param_grid, cv=5)
grid_search.fit(X_train, y_train)
print(f"z | mzto|E:
{grid_search.best_params_}")
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mo| 221 (Pipeline)

X e gAe} sk 9AE stu = Rl =5 st
Al st Aag gAY

from sklearn.pipeline import Pipeline
from sklearn.preprocessing import
StandardScaler

from sklearn.svm import SVC

# AU F SVC 2 stE5S StLtel TR
2
pipe = Pipeline([
('scaler', StandardScaler()),
('sve', svc())
D)

pipe.fit(X_train, y_train)

print(f"EH|AE Z4: {pipe.score(X_test,
y_test)}")
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